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O PyTorch FlagQuantum : A PyTorch-Native Runtime for @3,\,\.

Differentiable and Distributed Quantum Computing
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One PyTorch program from differentiable simulation to distributed accelerators and real QPUs

Wei LIU - Beijing Academy of Artificial Intelligence (BAAI)

I Quantum compute in Flagos | FlagQuantum architecture: PyTorch to QPU | Scaling and performance evidence

FlagOS: Open-sourced System SW for Multi-Vendor Al chipsets .
URL: flagos.io, GitHub: github.com/flagos-ai Distributed MPS capacity 131,072 MPS sites on 16xA800

PyTorch model and training loop
torch.nn.Module - tensors - optimizers - loss.backward()
L
FlagQuantum Python API

fq.Circuit - fq.Module - fq.run - fg.train

The AI System Software Stack Supporting the Largest Number of Chip Types Worldwide
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Open source: github.com/flagos-ai/FlagQuantum FlagQuantum Execution & Research Continuum: Evidence shown: lower is better where runtime is plotted
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