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Oucr plan for today

= ADbitontheory

= Map to lakehouse landscapes

= What has the Microsoft landscape to offer?
= Some samples



DATA QUALITY

A bit of theory for the roundtrip
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What is Data Quality?

Data Quality represents the degree to which the data
is suitable for business usages

Data Quality is built through:
People + Technology + Processes

Bad Data = Bad Business

© ppt by OH22 7



- REASONS

Data Capturing

Expiration

Usage

Data Quality

il

Processes

Architecture

Definition
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- DIMENSIONS

Dimensions of Data Quality

These dimension reflect the way to determine the quality of data

Accuracy

Consistency

Completeness

Timeliness

Validity
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Uniqueness

Assesses the
correctness of the

data. Accurate data is

free from errors and
reflects the true
values of the
measured or
observed attributes.
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Examines the
uniformity and
agreement of data
across different
sources.
Inconsistent data
may have variations
in format, values, or
definitions.

Measures the extent
to which data is
whole, without
missing values. It
ensures that all
required data
elements are
present

Assesses whether
the data is up-to-
date and relevant
for the intended
purpose. Outdated
information may
lose its value or
relevance over time

Ensures that data
conforms to
predefined business
rules and
constraints. Valid
data adheres to the
specified formats
and ranges

Measures the extent
to which data is
whole, without
missing values. It
ensures that all
required data
elements are
present
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Data Quality Process

: |ssues
Get Insides Assessment i ‘2 Control
OHIEC [Monitor]

Clean]

[Profiling] [Rules]
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Data Quality Optimization WockElow

validate Standardize
& Profile




DATA QUALITY

In the age of Lakehouses



- Quality Production

Data Value Chain

B 2D
Raw Zone Quallty Zone Curated Zone
Correction Sectio ryS ctio
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- DATA QUALITY IN THE FABRIC LANDSCAPE m
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@ Logging using Log Analytics ¥ Governance using Microsoft Purview
................................................. R
........................................................................................................................................... ) AT
Operational DBs Power Bl
Data Eng. & RT >
T ) ¢
- (O (« —
Blobs ‘ \ Data Science
Raw (1L) Quality (1L) Curated (1L)
Typically, raw data Typically, cleansed, Consumption
Ingest (partitioned) historized and enriched ready data QneLake
: DirectLake :
® Shortcuts :"} f SemanticLink @
Other data P Other data
sources -~ ’ Orchestrate using Data Factory @ Metadata store using Onelake - consumers
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DATA QUALITY

Microsoft Solutions



> MICROSOFT DQ PORTFOLIO (@)

=

Operational DBs

Blobs

Other data
sources
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Data Eng. & RT

|

Raw (1L)
Typically, raw data
Ingest (partitioned)
———@  Shortcuts 9 t

’ Orchestrate using Data Factory

(%

Quality (1L) Curated (1L)
Typically, cleansed, Consumption
historized and enriched ready data

@ Metadata store using Onelake

Onelake
DirectLake
SemanticLink
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Power BI

b4

Data Science

@

Other data
consumers
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Miccosoft & Data Quality

Cloud Adoption Framework >

Scenarios > Cloudscale
Analytics

Govern your analytics estate

Data Quality Considerations,
Recommendations and Solutions

https://learn.microsoft.com/en-us/azure
/cloud-adoption-framework/scenarios
/cloud-scale-analytics/govern-data-quality

Metrics

Metrics

Completeness = % total of
non-nulls + nonblanks

Unigueness = % of
nonduplicate values

Consistency = % of data
having patterns

Validity = % of reference
matching

Accuracy = % of unaltered
values

Linkage = % of well-
integrated data
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Metrics Definitions

Measures data availability, fields in the dataset that aren't empty, and default values that were
changed. For example, if a record includes 01/01/1900 as a date of birth, it's highly likely that the field
was never populated.

Measures distinct values in a given column compared to the number of rows in the table. For example,
given four distinct color values (red, blue, yellow, and green) in a table with five rows, that field is 80%
(or 4/5) unique.

Measures compliance within a given column to its expected data type or format. For example, an email
field containing formatted email addresses, or a name field with numeric values.

Measures successful data matching to its domain reference set. For example, given a country/region
field (complying with taxonomy values) in a transactional records system, the value of "US of A" isn't
valid.

Measures successful reproduction of the intended values across multiple systems. For example, if an
invoice itemizes a SKU and extended price that differs from the original order, the invoice line item is

inaccurate.

Measures successful association to its companion reference details in another system. For example, if
an invoice itemizes an incorrect SKU or product description, the invoice line item isn't linkable.


https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/scenarios/cloud-scale-analytics/govern-data-quality
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/scenarios/cloud-scale-analytics/govern-data-quality
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/scenarios/cloud-scale-analytics/govern-data-quality
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Possibilities in 2025?

Standardize, Versionize, Control with LakeFS

Clean with Data Wrangler

Anonymize with Presidio

Validate

& Profile Data Quality — Microsoft Purview

Validate

& profile Data Quality — Databricks & Unity Catalog

© ppt by OH22 19



DATA QUALITY

With LakeFS
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DATA QUALITY ROUNDTRIP 2025 IN THE MICROSOFT DATA PLATFORM HI

LakeFS - Git-lLike semantics on top of data
Lakes @

» lakeFS is an open-source data versioning and
management tool for data lakes

» It provides Git-like capabilities for data, enabling version
control, branch management, and atomic change

« Supports large-scale, distributed data lakes, including S3,
ADLS, Google Cloud Storage, and on-premise objec
stores (e.g., MinlO)

* Integrates seamlessly with data processing tools like
épac?le I(Spark, Databricks, Azure Synapse, Presto, Hive or
nowflake

. Ke%/ features include branching, rollback, reproducibility of
data pipelines, and automated CI/CD workflows for data

© ppt by OH22
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LakeFs ¢

lakeFS

DATA QUALITY ROUNDTRIP 2025 IN THE MICROSOFT DATA PLATFORM :.I

Merge changeset

¥ 001.parquet
v 002.parquet

f ¥ random.csv

F"r"e:-Me_r“ge. Hook
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DATA QUALITY ROUNDTRIP 2025 IN THE MICROSOFT DATA PLATFORM

LakeFS

47) AIRBYTE

Spa

mﬁé?—

lokeFs client

WA
2 trino

@ python’

lokeFS SDK

lakeFS

kafka

=1

Doata Files
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Unmanaged bucket(s)

TV~
=

lakeFS managed Bucket

Data Fles Metadata Fles

Object Store (S3, 6CS, Azure Blob Steore, MinIO, ..)

eﬂf”//
I

lakeet]

Dota
Scientists/Engineers/Analysts
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DATA QUALITY ROUNDTRIP 2025 IN THE MICROSOFT DATA PLATFORM

LakeFS
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How can LakeFS help to improve data Qua @

lake

« Data branching and versioning — track changes to repositories or
datasets

* Design and test modifications in isolation before they become
part of production data

« Guarantees consistent datasets for debugging and audits
* Quick recovery from errors by rollback to a previous version

* Prevents quality issues from affecting production by working in
separate branches

« Commit changes to get a complete snapshot of a repository at a
specific momentin time

 Hooks — actions to be triggered when particular events occour



DATA QUALITY

With Data Wrangler



Data WrangLer&

.L)

* interactively inspect and analyze DataFrames

* providing a preview of the data and insights into its
structure and statistics

« user-friendly graphical interface for applying common
transformations (e.g., filtering, grouping, merging)

« automatically generates Python code

* Fully integrates with Python scripts and Jupyter
Notebooks in VSCode



- DEMOS

Data Wrangler
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File Edit Selection View Go

DATA WRANGLER

~ OPERATIONS

& Back to current operation

Filter

Run

Terminal  Help & =

B presidio.ipynb % fake_data.parquet [DW]

[} Export to notebook B Export as file

P DataSaturday Vienna 2025

B lakefS.ipynb ®

D Copy all code

# 1D A7 Firstname

67 (100%)

Filters rows based on one or more conditions.

Only the most recent operation can be edited.

~ DATA SUMMARY

Data shape 67

Columns

Rows

Missing values (by column)

~ CLEANING STEPS
1 Load data from Parquet
2 Change column type 1D

3 Filter 4columns

4 Eapitalizefirstchatacter ‘Lastname:

5 B .

6 Pewoperation

[J3 Preview code for all steps

@143 Wo  NoSolution

8 connect

0(0%) Missing: 0 (0%)

59 (88%)

59
ol iy 22
Min 5 Max 100

44 45  David
45 46 Shannon
46 47  Charles
47 48 Missing value
43 49
49 50 Brittany
50 51 Denise

12 51 52 Diane

67 52 53 Thomas

9 53 54 Glen

54 55 Benjamin
55 56 Jennifer
56 57 Tyler
57 58 Andrew
58 59  Shannon
59 60 Gary
60 61  Penny
61 62 Timothy
62 63 Glen
63 64 Charles
64 65 Scott
65 66 Harold
66 67 Aaron
67 68  Kristin
68 69 Henry
69 70  Christian

rancher-desktop /DamWrang\sr:Edhmg default &

B faker_person.ipynb ®

{2t Report an issue

A7 Lastname

63

Distinct values

elliott

hall

Jjones

henry

tanner
Missing value
lambert
franklin

king

barr

benjamin
wilkins
rose
brown
leon
howard
terry
anderson
wright
gutierrez
davis
clements
meclure

walker

8-

& person.parquet [DW] X

A7 Company
0 (0%

Missing:

63 (94%) Distinct:

67

Distinct values

Missing value

Missing value

Jackson, Robinson and Morales

Taylor, Duke and Barton
Wilson, Miller and Glass
Turner-Collins

Malone PLC
Mccarty-Walker

Baker and Sons
White-Salinas

Smith Ltd

Aguilar Ltd

Lawson PLC

Parter, Miller and Larson
Ford-Williams

Mitchell PLC

French and Sons

Peters and Sons

Long and Sons

Jensen, Bailey and Black
Gregory LLC

Hall Group
Patterson-Smith

Brown, Burch and Torres
Juarez Group

Smith-Boone

[Azurite Queue Service]  [Azurite Blob Service] @

0 (0%)
67 (100%)

DO
DEDBS LD -

67 rows x 12 columns O Go to column & Editing ~
A7 Postalcode

A7 Street

67

Distinct values

06397 Sweeney Wells

316 Horton Orchard Apt. 231
23390 Elliott Cliff Apt. 556
214 Adam Freeway

691 Allison Village

4934 James Spurs

126 Smith Trafficway

41542 Rhonda Fords Suite 044
44273 Estrada Summit

9400 Gina Run

52754 John Fords

307 James Prairie Apt. 997
928 Kelly Haven

5832 Smith Center Apt. 602
03752 Turner Place

558 Lopez River

0501 Philip Mountain Apt. 455
58291 Jason Square Suite 893
16202 Miller Inlet Suite 943
03105 Whitney Fork Suite 301
74528 Brandy Plains Apt. 659
0205 Johnson Field Suite 594
454 Lindsey Landing

Missing value

46176 David Manor Apt. 635
033 Erin Village

67 (100%)

48175
96163
81632

85503
11710
33963
31362
20774
95974
54148
28164
89138
91815
21957
43928
68432
20193
51748
19210
87549
92809
37961
32028
93635
84023
64136

o X

62

Distinct value

Pandas 223 €3 L Python 3 -idle 8]
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- DEMOS

Data Wrangler

DataWrangler ‘ Saved
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&

Home

®

Create

B

Browse

©

OneLake

Menitor

%

Resl-Time

&

Workloads
=
Workspaces

D

Data

Saturday ...

o

Data
Enginesring

<« Data Wrangler: spark_df

Q, Search

SaveasCSV ([ Views -

. Your Spark DataFrame has been converted into a pandas sample for performance, but all the code generated by Data Wrangler will be converted to PySpark when you add it to your notebook.

Operations

| O Search for operations...

> Find and replace (4)
> Format (7)

> Formulas (3)

> Numeric (4)

> Schema (5)

> Sort and filter (2)
Group by and aggregate
MNew column by example
Cleaning steps
1 Load data from variable

| 2 New operation

&3 Preview code for all steps

@ Data frame loaded

~

A11D 47 Firstname 47 Lastname
Missing: 0(0%) Missing: 11{1%) Missing:
Distinct: 100 (100%) Distinct: 77 (77%) Distinct:
Distinct values Distinct values Distinct values

0 1 Jessica lewis

12 Missing value cisneros

2 32 Patrick Missing value

3 4 Missing value orozeo

4 5 Caralyn austin

5 6 Jennifer coleman

5 7 Missing value duncan

7 8 Brett allen

8 9 Joanna mitchell

9 10 Bill becker

2 New operation
1 Choose an operation to get started

Choose an operation to generate preview

Discard

4] Company

9(9%) Missing:
84 (84%) Distinct:

91

Distinct values

Missing value

Wood Group

Brewer Inc

Andersen, Bright and Medina
Hansen, Navarro and Guzman
Anderson-Bryant
Peterson-Jackson

Daniel, Smith and Fowler
Gutierrez-Bean

Payne-Conley

47 Street
Missing: 77
Distinct: 93 (93%

Distinct values

1594 Ellis Share Suite 120
3505 Betty Center

3742 Michael Cliffs Apt. 770
Missing value

29916 Cindy Pines Suite 164
Missing value

4968 James Ports

0847 Jeffrey Inlet

1687 Michael Haven

409 Laura Isle

Alpa
Missi
Distil

2201
4250
2462
Missi
622C
9812
617€
9887
692€
237:w

‘®

Summary
Data shape
Columns

~ Rows (100)

Rows with missing values

Duplicate rows

~ Missing values (52)

Firstname
Lastname
Company
Street
Postalcode

LastContactDate

[
-2
0%

x

a4

100 rows x 12 columns

12

42 (42.0%)

0 (0.0%)

Kernel ready pandas 2.14

smart
casual

datadesign

30



- DEMOS i
ﬁ ;:fggtlasign
Data Wrcanglerc

PROBLEMS 4 QUTPUT DEBUG CONSOLE TERMINAL PORTS JUPYTER AFURE POLYGLOT NOTEBOOK DATA WRANGLER

6 Custom operation

< Please delete all rows with an invalid country. Use a library for the validation

import pycountry
# Function to validate country
def is_wvalid country(country name):
try:
return pycountry.countries. lookup(country name)} is not None
except LookupError:
return False
# Delete rows with invalid country
df = df[df['Country'].apply(is_valid country}]

W00 =~ v LN B R

4 Previewing
Cancel
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DATA QUALITY

With Presidio
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Presidio

* Open-source tool for detecting and anonymizing sensitive
information (PIl) in text and structured data

* Uses NLP to identify PIl entities like names, emails, phone numbers,
and allows adding custom recognizers

« Supports multiple anonymization techniques, such as masking,
redaction, and replacement

* Enables large-scale processing of data via batch analysis and
anonymization

« Supports multiple languages and can be integrated into data
pipelines and APIs

* Presidio enhances the DQ cleaning process by detecting and
anonymizing sensitive data (Pll)



- DEMOS i
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Presidio

Text identification: Presidio Analyzer Text anonymization: Presidio Anonymizer

Pll Analyzer PIl Anonymizer

Text input
(My name 1s Eric)

Detected PII

Custom Custom (Person (10, 14))

patterns models

Anonymized text

Custom (My neme is <PERSON>)

anonymizations

"z Recognizers

Anonymizers/De-anonymizers

L

. o

CEETE )
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Presidio

« Usedirectly in Python scripts or applications to process text or
structured data programmatically

« RESTful service using Docker containers, enabling remote
processing of sensitive data

« Specific batch engines to process large datasets

« Expandability with own custom recognizers for domain specific PII
detection

« Embed Presidio into data engineering workflows (e.g., Apache
Airflow, Azure Data Factory)

ETL using AppService/Databricks - Microsoft Presidio
presidio-data-factory-template-gallery - microsoft/presidio



https://microsoft.github.io/presidio/samples/deployments/data-factory/presidio-data-factory/
https://github.com/microsoft/presidio/blob/main/docs/samples/deployments/data-factory/presidio-data-factory-template-gallery-http.md

- DEMOS

Presidio

Data Anonymization with Presidio

Description

Tags

Services

Azure Blob Storage

User inputs Q

@ BinaryDataSource_Folder ©
Binary

Copy files from one location to another while anonymizing their content.

C Data Masking ) ( De-identification ) C Privacy ) ( Scrubbing ) C Security)

Select presidiosource...

[E FileContent ®
DelimitedText

l Select presidiosource...

Use this template = Export template

© ppt by OH22

Preview

Get Metadata

o GetFileList

Filter

>
FilterFiles

Web

' GetSASToken

ForEach
|}
::l ForEachFile
Activities
° 4 activities

Cancel
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- DEMOS

Presidio

© ppt by OH22

o

Home

@

Create

)

Browse

©

Onelake

®

Monitor

&

Real-Time

&
Workloads
=
Workspaces
2

Data
Saturday ..

L}

pipelinet

e
Data
Enginesring

pipelinel ~ Q, Search
Home Activities Run View
& 1» - B & / Validate [> Run [ Schedule £ Add trigger (preview

Build a data p

Start with a blank canvas Start

re

Pipeline activity Cop
Automate data orchestrations Follo
using rich no-code activities. inta
othe|

Need

Pipeline templates

’ Q Filter by keyword

l I =| Import template ]

Bulk Copy from Database

by Microsoft

Use this template to copy data in
bulk from a database using an
external control table to store the
partition list of your source tables....

-

Copy data from Azure SQL DB
to Lakehouse Table

by Microsaft

Use this template to copy data
from your Azure SQL database to a
specified table in your Lakehouse.

Copy new files only by
LastModifiedDate

by Microsaft

Use this template to copy new or

changed files only by using
LastModifiedDate.

i JH

Bulk Copy from Files to
Database

by Microsoft

Use this template to copy data in
bulk from Azure Data Lake Storage
Gen2 to Azure SQL Database.

-

Copy data from sample data to
Lakehouse file

by Micrasoft

Use this template to copy data
from sample data (NYC Taxi -
Green) to Lakehouse file,

[ ro—
07
Data anonymization with

Presidio as an HTTP service
by Micrasoft

This template uses Presidio as an
HTTP service to anonymize Pll data
in text files during copy between
one storage account to ancther....

Copy data from ADLS Gen2 to
Lakehouse file

by Microsoft

Use this template to copy data

from ADLS Gen2 to a specified file
location in your Lakehause.

=

Copy data from sample data to
Warehouse

by Microsaft

Use this template to copy data
from sample data (Retail Data
Model from Wide World Importers)
to your Fabric Warehouse....

—
Delete files older than 30 days
by Microsoft

Use this template to delete files

that have been modified more than
30 days age from storage stores.

®
&
I«
&
o

Copy data from ADLS Gen2 to
Lakehouse Table

by Microsoft

Use this template to copy data

from ADLS Gen2 to a specified
table in your Lakehouse.

i

Copy multiple files containers
between File Stores

by Microsoft

Use this template to leverage
multiple copy activities to copy
containers or folders between file
based stores, where each copy...

>

Delta copy from Database
by Microsoft

Use this template to copy new or
updated rows only from a database
using a high-watermark stored in
an external control table....

“®
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- DEMOS

Presidio

il
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<Person>

<Person>

<Person>

<Person>

<Person>

<Person>

<Person>

<Person>

<Person>

<Person>

3505
<LOCATION>

52 <LOCATION>
654 <LOCATION>
882 <LOCATION>

123 <LOCATION>

22013

24632

62204

52362

55587

<EMAIL_ADDRESS
>

<EMAIL_ADDRESS
>

<EMAIL_ADDRESS
>

<EMAIL_ADDRESS
>

<EMAIL_ADDRESS
>
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DATA QUALITY

With Microsoft Purview



DATA QUALITY WITH n
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Microsoft Purview Tenant

Microsoft Purview

Catalog and Data Estate Health

Business Domain Business Domain
Business domains are a new way of organizing your data estate. You want 1 Critical | Critical
and need to access your entire data estate, but a single, uncategorized list is Data | Data
]

overwhelming. A business domain is a boundary that aligns your data estate Elements Elements
A

to your organization; think of it as a mini catalog inside your data catalog.

Critical data elements are a logical grouping of important pieces of
information across your data estate. For example: A "Customer ID" critical
data element can map "CustID" from one table and "CID" from another
table into the same logical container. These groupings can make data easier
to understand as well as promoting standardization. Data quality rules and
access policies can be attached to these elements to further secure sensitive
information across your data estate.

Datasets Datasets Datasets

Dashboards/Re Dashboards/Re Dashboards/Re

Glossary terms provide a vocabulary for business users. It consists of business
terms that can be related to each other and allows them to be categorized so that
they can be understood in different contexts. This helps in abstracting the technical
jargon associated with the data repositories and allows the business user to
discover and work with data in the vocabulary that is more familiar to them.

Models Models Models

1
I
I
I
I
:
I
: ports ports ports
l
I
l
A

A data product is a group of data assets (tables, files, PBI reports, etc.), a
packaged offering to an enterprise that provides assets with a use case to
be shared to data consumers. A business domain can house many data
products, but a data productis managed by a single business domain and

can be discovered across many domains. DataMap  Technical Domain Technical Domain Technical Domain

© ppt by OH22 40



Data qQuality with

Micrcosoft Pucview DQ Healthmonitocr

Business domain Data product Data Product Status

Data quality Al (= v

Consistency Timeliness

Conformity

49.3% o] 100.0% o] 50.0% o

Data quality status by dimension

Accuracy Completeness
62.1% o] 94.5% o

I Pass/fail quality ratio by data proeduct

Acouracy BEETH ECE::

Domain Accuracy  Completeness Conformity  Consistency Timeliness  Uniqueness  Owera

— ke

Timaliness 5

Personal Health - 100.00%

- ‘Corporate 99.35% T938%
§: Contormity H000% Functions
E Finance 98.23% 100.00% 66.72%
E e
Fraud Services 100.00% 100.00%
S0.00% Human Resources 84.34% -
2 ATDE%

| T
T5.46%

e _ sales SZELE 100.00% fhiln Dlilins
a% 20% 4% 60% BI% 100%.
Data Products Count
Pass/Fail @Fail Pz .S:ol:scm- Score between (W-00.9% D Score=100%

%,

- -
Data quality rule hierarchy Count of data assets by dimension, rule type

Drom.... Prod... = Asset = Rule
40
I|/_ \ —
f Sales i) Custamat.
/ 209 \ &1
| mm | 5 30
|| CareProw.. |  Oppertun E
a
| o 1I 53 K
{ | 2
| Finance | Global Sal 3
[ as .
) 2
Duplicate an
' M — — = a
Pass/Fail Corporate... Canadas... customar... ]
475 El] H 2
Mothull
n 1
Claies DE Sales ... -
277 1
Human R... Morth Eak...
I o
© p p t b lé O H 2 2 Test-cap South W Acoiacy Complaenass Cantomeiy Consistancy Timelingss Unigusciniss
8 ! Dirnensians

RuleTypeMame @ Custom... ®Duplicate @Enumer... @Like @MNatNull @Referenc.. @ Regex @ Timeliness @ Typebatch @ Unique
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Micrcosoft Pucview

Rules are applied at the column level
and aggregated to provide scoresat ... quaiy
the levels of data assets, data

products, and business domains o By

Ensures end-to-end visibility of data - e e

quality within each domain CBO - o
: : ®com - ee0 - 7

Preconfigured with meta model for i 8O - 7

data estate

Provides scores and trends for data
quality

Allows drill down into rules and scans



DATA QUALITY

With Azure Databricks



- DEMOS - NOTEBOOK

Constrain and Validate

accuracy Bl quarancire ]

Data Quality @ Azure Databricks

Roll Back Inaccurate Update

Remove Inaccurate History

Schema Management

« Databricks providing best practise
blogs on Data Quality

VALIDITY

« https://www.databricks.com/discover/ -

pages/data-quality-management iy

Metadata Management

COMPLETENESS

Concurrency

TIMELINESS

Real-Time Analytics

Single Source of Truth

Concurrency.

© ppt by OH22

Schema Management During Ingestion

Delta

Spark

smart
casual

datadesign

Data Ingestion

Data Ingestion
Schema Inference and Evolution

Custom Logic/CASE WHEN
Time Travel

i
COPY INTO... VALIDATE

badRecordsPath

<D

Schema Enforcement

Schema Evolution

Explicit Schema Update

overwriteSchema

schemaEvolutionMode

oo

COPY INTO... VALIDATE

Schema Hints

Schema Evolution

Constraints

Data Ingestion

ACID guarantees

:u::em-ﬂnuum() input_file_name()

Structured Streaming

dropDuplicates
Ranking Window

ACID guarantees Optimistic Concurrency Control

Li



- DEMOS - UNITY CATALOG

Data Quality @ Azuce Databricks Unity Catalog

Catalog

2 serverless_jb Serverless X5

Type to search...

ization

org,
> [@ system

v B da_samples

> B default

> 8 information_schema

v B sample_data

forecast_daily_calendar_imperial
forecast_daily_calendar_imperial_drift_metrics
forecast_daily_calendar_imperial_profile_metrics

forecast_daily_calendar_metric

forecast_daily_calendar_metric_profile_metrics
historical_daily_calendar_metric
historical_daily_calendar_metric_drift_metrics

fm
fm
fm
fm
[ forecast daily calendar metric_drift metrics
@
fmd
fm
fm

historical_daily_calendar_metric_profile_metrics

v Shared
> [ samples
v Legacy

> [ hive_metastore

© ppt by OH22

Catalog Explorer > dq_samples »> sample_data »

& historical_daily_calendar_metric ©

Overview  Sample Data

<> Al Suggested Descrip

on

Details

Permissions  History  Lineage

Insights

H Openin a dashboard ~ ~

X

The historical_daily_calendar_metric table contains daily weather metrics for various cities around the world. The data includes cloud cover, cloud
base height, degree days for cooling, freezing, growing, and heating, as well as relative humidity. This information can be used to analyze

weather patterns and trends, and to inform decision-making for industries such as agriculture, transpartation, and tourism.

 Accept

Q Filter columns.

Column

city_name

country_code

latitude

longitude

date

Z Edit

Type

string

string

double

double

date

Comment

Name of the city
where the weather
data was collected

Code representing the
country where the city
is located

Latitude coordinate of v
the city

Longitude coordinate
of the city

|
|
|

Date for which the
weather data is e
recorded

Tags

© Send feedback

X Hide Al suggestions

Column masking rule

About this table
Owner Oliver Engels
Data source 4 Delta

Popularity .

Tags

Add tags

Row filter

A AT s 3 it A S - -y ——

990,268

P dre Vevey

Q

smart
casual

datadesign

45



> COMPARE :

smart
casual

datadesign

Data Quality @ DBX & Pucview

Databricks Microsoft Purview
Creators and Consumers Enterprise CDO, Data Producers,

: : Stewards, and Data Consumers

. Discover
Databricks ¢~ Metadata Integration -~

Metadata Scan Basics *Scan Depth

Metadata, Lineage

Databricks Policies : Global Enterprise Policies
Appl_\./ Glob?l. Security Protection *Data Mgmt. Policies
«— Enterprise Policies — Label, Classify Domains, DQ, MDM
mastered in Purview
. . *Security Policies
*
Data Use Policies DLP, IRM
3 ! © X
Unity Catalog Purview Experiences
Complementary s . )
Experiences Enterprise Enterprise Data Enterprise Data
Policies .
Catalog Estate Insights
Management

© ppt by OH22 Lb



smart
casual

datadesign

Futuce DQ Landscape

= Still not a consistent approach to DQ from Microsoft
= Will Microsoft Purview help? - Roadmap?
= Strategy One:

Build your own DQ functionality
Flexible, but can be very complex

= Strategy Two:
Buy a third party tool
More or less flexible, can be very expensive

= Some samples
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Evaluations, evaluations...

https://evals.datagrillen.com/evals_vienna.aspx



2 THX for your audience N
smart
ﬁ I casual
datadesign

Oliver Engels Tillmann Eitelbecg

CEO CEO
oh22data AG oh22information services GmbH
o.engels@oh22.net t.eitelberg@oh22.net

Otto-Hahn-Str. 22 Kellerstr. 3
65520 Bad Camberg 53772 Kénigswinter
Deutschland Deutschland

2 data.oh22.net 2 www.oh22.is
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