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Agents changed what users wait for, and what we should measure
From Chat to Agents

40x larger context length:  8K fixed ISL    300K average session peak→   (up to 1M)

Source: analysis of semianalysisai/cc-traces-weka-062126 (public on Hugging Face), 98,827 model calls; 8K ISL = InferenceMAX fixed 8K/1K case



SemiAnalysis's open benchmark, from InferenceMAX to AgentX, now runs continuously

The Evolution of InferenceX



Each session loops through request, response, tools and idle time for 60 minutes
How AgentX Replays an Agent Session

Measured loop: 60 min
N concurrent sessions, steps 1–6 repeat



Realistic workloads end hyper-tuning and push load beyond the GPU: memory, CPU and interconnect
Agentic Workloads Stress the Entire System



Why agentic workloads run well: CPU memory for KV offload, NVLink 6 for wide EP and large TP
Inside Vera Rubin NVL72



Vera Rubin vs GB300 NVL72, both FP4 with Dynamo disaggregated serving
Results: DeepSeek V4 Pro on TensorRT-LLM

Source: SemiAnalysis InferenceX AgentX, updated Oct 14, 2026. Vera Rubin results are an InferenceX official preview. Multiples read from the Pareto frontiers, tok/s per MW at P90 interactivity

4x
at 100 tok/s/user

2x
tok/s/user, same tok/s/MW



Every layer, from models to orchestration, is open and reproducible
Built on Open Source, End to End



Frontier models now write the kernels and framework changes that move the Pareto curve
What's Next: AI Optimizes the Inference Stack

Claude Opus 5.5

GPT-6 Astra
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