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Simulator/Emulator/Benchmark

 Dynamic Workloads: Capture data-dependent operations (MoE A2A, etc.)
* CleanerIntegration: Direct dispatcher without modifying PyTorch
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FUTURE WORK
» Inference: End-to-end integration with Inference Systems (vLLM, etc.)
 Dynamic Workloads: Capturing data-dependent operations (MoE A2A, etc.)
Paper (arxiv) GitHub » Better Integration: Directing dispatcher without modifying PyTorch
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