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PyTorch TOSA VGF
dynamic-QDQ reference runtime

sx runtime < sw static * qx,qw INT8 < A -INT32 accumulation

Runtime activation scales. Static INT8 weights.
Structural tests verify dynamic gparams and INT8 TOSA MATMUL; numerical Integer MATMUL

Why Linear tests compare TOSA/VGF execution with the PT2E dynamic-QDQ reference.

Linear layers dominate compute in transformers and MLPs and map
directly to efficient INT8 matrix multiplication.
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Runtime gparams survive as values
PT2E dynamic QDQ — Arm/TOSA INT8 MATMUL — VGF execution

Preserve sx through generic QDQ folding; reuse it for runtime FP32 rescale + bias.
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Dynamic W8AS stays closer to the same-scale FP32 reference when activation

Reusable backend pattern ranges shift.
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Dynamic W8AS8
tutorial

It reduces added quantization error; it does not make the FP32 model itself invariant to severe input

rescaling. ExecuTorch Arm VGF

Scan for code, export

Backend pattern: preserve — detect — lower — rescale — validate .
steps, and VGF execution.
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